For educational tests, it is critical to maintain consistency of score scales and to understand the sources of variation in score means over time. This practice helps to ensure that interpretations about test takers' abilities are comparable from one administration (or one form) to another. This study examines the consistency of reported scores for the TOEIC ® Speaking and Writing tests using statistical procedures. Specifically, the stability of the TOEIC Speaking score means from 431 forms administered in a 3-year period was evaluated using harmonic regression, and the stability of TOEIC Writing score means from 66 forms administered in a 3-year period was evaluated using analysis of variance. Results indicated that the fluctuations in the TOEIC Speaking or Writing score means mainly reflect changes in test takers' overall English speaking or writing ability levels instead of score inaccuracies. For both speaking and writing test scores, a large proportion of the variation in score means can be explained by seasonality (the rise or fall of score means associated with specific times of the year) and test takers' demographic information, which have been shown to be related to test-taker ability. As a result, this finding provides evidence for the consistency of the TOEIC Speaking and Writing score scales across forms.
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The TOEIC ® Speaking and Writing tests are designed to measure a person's ability to communicate in spoken and written English, respectively, in the context of daily life and the global workplace. The TOEIC Speaking test is composed of 11 constructed-response questions and takes approximately 20 minutes to complete. The TOEIC Writing test is composed of eight constructed-response questions and takes approximately 1 hour to complete. Scores are reported on a scale of 0 to 200 with increments of 10 for both the speaking and the writing tests. Test takers can choose to take either the TOEIC Speaking test or the TOEIC Writing test or both. Both tests are administered on fixed dates at secure, Internet-based test centers. The TOEIC Speaking test is currently administered much more frequently than the TOEIC Writing test.
For tests with frequent administrations, it is of paramount importance that all score means be monitored over time. Evaluating the stability of test score means over time is an important quality control procedure to prevent errors in score reporting and to maintain test score validity by ensuring that the meaning of test scores is preserved. For a test to be valid, test scores must reflect the knowledge, skills, and abilities that the test is intended to measure. Kolen and Brennan (2014, p. 333 ) mentioned that one useful quality control procedure is checking the consistency of score statistics (e.g., score means and score variances) over time. When score statistics fluctuate, it is important to investigate the potential causes (Allalouf, 2007; von Davier, 2012) . For example, the fluctuation of score means may be due to changes in test takers' demographic factors, seasonality (the rise or fall of score means associated with specific times of the year), the result of operational errors (e.g., errors in test score reporting), or test security breaches.
To better observe and monitor the pattern and trend of the many score means across different forms or administrations, researchers at Educational Testing Service (ETS) have used ANOVA and harmonic regression to check score mean fluctuations over time (Lee & von Davier, 2013; von Davier, 2012) . For example, Haberman, Guo, Liu, and Dorans (2008) used the ANOVA method (Howell, 2002) to examine the stability of SAT ® Math and Reading score means over a 9-year period. They found that the scales of SAT Math and Reading reporting scores were stable and the fluctuations in SAT score means were mainly due to seasonal effect. The ANOVA method was particularly appropriate given that the SAT test has a small number of forms a year with fixed schedules. Harmonic regression (Bloomfield, 2000) is appropriate when there are frequent numbers of administrations across the whole year so that the seasonality pattern in score means can be modeled by a smooth sinusoidal term in a time series manner (Lee & Haberman, 2013) . Lee and Haberman (2013) used the harmonic regression method to monitor score means across administrations for an international language test. They found that most of the fluctuations in the score means were explained by seasonal effect, yearly trend, and regional effect. Thus, the reporting scale for the language test was stable.
The purpose of this study was to evaluate the stability of the TOEIC Speaking and Writing test score means in an approximately 3-year period by using the harmonic regression method and the ANOVA method, respectively. Harmonic regression was chosen to monitor the stability of the TOEIC Speaking score means across forms due to the frequent administrations in Korea. Although the TOEIC Writing test was administered once a month in Korea, the number of forms in a year was sparse compared to those generated by the TOEIC Speaking test. Therefore, the ANOVA method was applied to check the stability of the TOEIC Writing score means across forms over time.
Data
The data for the TOEIC Speaking test were collected from Korean test takers who took only the TOEIC Speaking forms between February 1, 2014, and December 31, 2016. Background information was also available for each test taker (see the appendix for sample background questions). In total, 431 forms in 281 administrations were included in the analysis, with sample sizes ranging from 336 to 3,221 with an average sample size of 1,399. At the test administration level, sample sizes ranged from 336 to 11,022, with an average size of 2,135. The number of forms in each administration ranged from 1 to 5. Figure 1 shows the score means for all the 431 forms in a time series manner. The x-axis in Figure 1 is the number of days between each administration and January 1, 2014.
The data for the TOEIC Writing test contained writing scores and background information for Korean test takers who took forms with both speaking and writing sections between February 1, 2014, and December 31, 2016. We decided to use Korea-only data because (a) Korean test takers had the highest response rates to the background questionnaire and (b) Korean test takers regularly participated in the TOEIC Writing test (two forms each month on the same administration day) except after August 2016. In total, we had score data with background responses from 66 writing forms administered in Korea. Sample sizes per form ranged from 39 to 275, with an average sample size of 122.
Statistical Analyses
Harmonic regression is a linear regression model that contains sinusoidal terms. It can be used to check stability of score means because sinusoidal terms characterize seasonality in a time series fashion (Lee & Haberman, 2013) . The harmonic regression models tried in this study are listed in Table 1 .
In Table 1 , where S t is a mean score for Form t, Symbol d t denotes the number of days elapsed since the beginning of 2014 and the time when Form t was administered. Symbol T t is the total number of days in the year when Form t was administered. Year indicator y 1t = 1 indicates that Form t was administered in 2015, and y 2t = 1 indicates that Form t was administered in 2016. Score means in 2015 and 2016 were compared to score means in the baseline year, 2014.
Model 0 was a baseline model. Model 1 included the year effect terms. A significant year effect would indicate that the score means in year 2015 or 2016 were substantially higher (or lower) than in year 2014. Model 2 included sinusoidal terms for seasonal effect. Model 3 was a combined model with both year and seasonal effects. Model 4 is the complete model with year effect, seasonal effect and test takers' background effect. Four background variables were included in Model 4. After recoding of the original responses, f b3t represented the fraction of test takers in each form who are not full-time employees, f b6t represented the fraction of test takers in each form who have studied English for more than 10 years, f b8t was the fraction of test takers in each form who used English more than 20% of the time in daily life, and f b10t was the fraction of test takers in each form whose English did not always affect communication at work.
In our analyses, the year effect can be evaluated by comparing Model 1 to Model 0. The seasonality effect can be evaluated by comparing Model 2 to Model 0. The combined effect of year and seasonality can be evaluated by comparing Model 3 to Model 0. The combined effect of year, seasonality, and test takers' background can be evaluated by comparing Model 4 to Model 0. In our regression model, the seasonal terms and test takers' background variables are all indicators of test takers' performance on the test. As mentioned previously, seasonal factors are certain times of a year that are often related to business cycles within a year. Though related, seasonal factors and test takers' background factors are not necessarily identical. To determine which harmonic regression model was the best model and which terms could be added or dropped from the regression model, we followed Lee and Haberman's (2013) example and checked if the decrease in root mean square error (RMSE) was at least 5% after including the terms and if the increase in R square and adjusted R square was noticeable. Different from R square, adjusted R square evaluates model fit by taking into account the number of predictors in a model. Additionally, the residual plot was checked for model fit. To determine whether a regression coefficient was significantly different from zero, the p value of each regression coefficient in the final model was compared to 0.05 divided by the total number of predictors.
In the ANOVA analyses for the TOEIC Writing test, the dependent variable was the score mean for each writing form. The independent variables included month, year, and their interaction. In the final ANOVA model (Model 1), t represents form (t = 1 to 66), α m(t) shows the seasonal effect, β y(t) shows the year effect, and δ m(t) y(t) shows the interaction between month and year. We also included background variables in the ANOVA analyses. In Model 2, β 2b3(t) + β 3b6(t) + β 4b8(t) + β 5b10(t) represents the effect from the four recoded background questions. As for the analyses of TOEIC Speaking scores, these four background variables were recoded into dummy variables. 0.48. Adding test takers' background information to the regression model also increased the amount of explained variation and decreased the amount of unexplained error noticeably. From Model 3 to Model 4, R square increased from 0.50 to 0.56, by almost 12%, and RMSE decreased from 3.4206 to 3.2230, by 5.8%. Model 4 was chosen as the final model because no other indicators were found that could decrease RMSE by more than 5%. The fit of Model 4 was checked by a residual plot (Figure 2) . Residuals are the difference between observed score means and predicted score means. All the residuals for the 431 forms appeared to be randomly and evenly distributed in Figure 2 , indicating appropriate model fit. Table 3 shows the parameter estimates for the final model (Model 4). Since we conducted significance tests for 10 predictors simultaneously in the regression model, the p values of each predictor were compared to 0.05/10 = 0.005. A p value less than 0.005 indicates that the predictor is statistically significant. Therefore, the parameter estimates for the two year indicators, β 1 and β 2 , were not significant, indicating very small score mean variations across 3 years. At least two seasonal parameters (β 3 andβ 5 ) had a p value less than 0.005, which means the score means followed a strong periodical pattern over time. This periodical pattern can be seen clearly in Figure 1 . Three background variables also had significant parameter estimates. These background variables were the fraction of test takers in each form who had studied English for more than 10 years, who used English more than 20% of the time in daily life, and whose English did not always affect communication at work. Figure 3 shows both observed (denoted by dots) and predicted (denoted by plus signs) mean scores for all 431 forms by the number of days elapsed between their administration date and January 1, 2014. A periodic pattern is clearly seen. In each year, the mean scores were relatively higher around the end of the first quarter and the third quarter but lower in the fourth quarter. This seasonal pattern is quite similar across the 3 years. There were multiple predicted values at an administration day in Figure 3 because there were multiple forms in one administration day. Figure 3 Observed and predicted TOEIC Speaking score means for 431 forms over time.
Model 1: M t = μ + α m(t) + β y(t) + δ m(t) y(t) + e. Model 2: M t = μ + α m(t) + β y(t) + δ m(t) y(t) + β 2b3(t) + β 3b6(t) + β 4b8(t) + β 5b10(t) + e.

Results
Results for the TOEIC ® Speaking Test
Results for the TOEIC ® Writing Test
Tables 4 and 5 summarize the numbers of TOEIC Writing forms and the means and standard deviations of score means by month and by year. For example, Table 4 shows that there were six writing forms administered in July across 3 years. The average of these reported score means was 146.98 and the standard deviation was 3.83. Typically, two writing forms were administered each month, however, only one writing form was administered in September, October, November, and December during 2016. As a result, the total number of forms across 3 years was five instead of six in these 4 months in Table 4 , and the total number of forms in 2016 was 20 instead of 24 in Table 5 . Table 5 also shows that 22 instead of 24 writing forms were administered in 2014 in Korea because our data did not have forms administered in January 2014. Unlike the results for speaking, adding the four background variables did not reduce RMSE or increase R square substantively. In fact, RMSE increased only from 3.52 to 3.7, and R square increased from 0.81 to 0.82. None of the parameter estimates for the four background variables was statistically significant. Therefore, the final model did not include any background variables. Table 6 shows the ANOVA results for the final model (Model 1). Table 6 indicates that month was the major variable accounting for the score mean variations. It explained 41% of the total mean score variance. Figure 4 indicates that the average score means (connected by solid lines in Figure 4 , with circles representing the score means for individual forms) tended to be higher in the first and third quarters than in the second and fourth quarters. This pattern bears some resemblance to the periodic pattern observed in the speaking results.
Different from the ANOVA results for speaking, the year effect was significant for writing, and so was the interaction effect. Table 5 shows that the average score means in 2014 and 2015 were similar to each other, whereas the average score mean of 2016 was higher than the other 2 years, especially in February, May, and December (as seen in Figure 4) the score means for September 2016 through December 2016 were only based on one form. More data cumulated over a longer time period would be needed to better understand if there is indeed a year effect or an interaction effect between year and month of the administrations for writing.
Concluding Remarks
The results based on harmonic regression for speaking showed significant seasonal effect and demographic effect. In all 3 years, the TOEIC Speaking score means appeared to be higher around March and August and lower in the other months. Given the large number of forms, the large number of administrations for the TOEIC Speaking test each year, and the sample size per form, the regression model explained a reasonably high proportion (56%) of total mean score variation across forms. A large portion of the observed fluctuation in test score means was explained by the fact that test takers differ systematically in their ability and demographic characteristics according to the time of the year they choose to take the test (seasonal effects). It can be argued, therefore, that the scale of the TOEIC Speaking test is appropriately stable, after accounting for seasonal and demographic differences in test takers' overall speaking ability.
The results for writing also showed a significant seasonal effect. Within each year, the score means appeared to fluctuate in a pattern similar to the one detected for the TOEIC Speaking test. Overall, the ANOVA model explained 81% of the total variation in writing score means. The scale of the TOEIC Writing test is also stable. 
